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1
MOBILE ROBOT AND SIMULTANEOUS
LOCALIZATION AND MAP BUILDING
METHOD THEREOF

CROSS-REFERENCE TO RELATED
APPLICATIONS

This application claims the benefit of Korean Patent Appli-
cation No. 2010-0108561, filed on Nov. 3, 2010 in the Korean
Intellectual Property Office, the disclosure of which is incor-
porated herein by reference.

BACKGROUND

1. Field

Embodiments relate to a mobile robot and a localization
and map building method thereof, and more particularly, to a
mobile robot to simultaneously perform localization and map
building using omni-directional images and a simultaneous
localization and map building method of the mobile robot.

2. Description of the Related Art

For navigation of a mobile robot in an environment having
obstacles, the robot needs to track its location and build a map
for the surrounding environment. This is because path plan-
ning of the robot, manipulation of an object, or communica-
tion with people may be performed using the map.

For navigation in an unknown environment, a robot should
build a map while tracking a location thereof. However, since
a robot basically tracks a location thereof and builds a map
using infrared sensor data containing noise, there is a diffi-
culty in calculation of the location.

Map building models environments by observing natural
or artificial landmarks based on the sensor data, and through
this modeling, the robot sets a path thereof. Meanwhile, in
order to perform modeling of a complicated environment,
location tracking should be ensured and thus a reliable map
may be built.

Location tracking refers to determining an absolute loca-
tion of a robot within a work environment using sensor infor-
mation and natural landmarks. Errors may occur for various
reasons (e.g. sliding between robot wheels and the ground,
variation in the radius of robot wheels) while a robot moves.
That is, as the robot moves, an error in a location of the robot
occurs. Accordingly, a method to correct for the error is
required.

SUMMARY

Therefore, it is an aspect of an embodiment to provide a
mobile robot and a simultaneous localization and map build-
ing method thereof, which divide a captured omni-directional
image into upper and lower images based on a preset refer-
ence, calculate odometry information using the lower image,
and perform simultaneous localization and map building
using the odometry information.

Additional aspects of embodiments will be set forth in part
in the description which follows and, in part, will be obvious
from the description, or may be learned by practice of the
embodiments.

In accordance with an aspect of an embodiment, a simul-
taneous localization and map building method of a mobile
robot including an omni-directional camera, includes acquir-
ing an omni-directional image from the omni-directional
camera, dividing the obtained omni-directional image into
upper and lower images according to a preset reference to
generate a first image, which is the lower image, and a second
image, which is the upper image, extracting feature points
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from the first image and calculating visual odometry infor-
mation calculating visual odometry information to track loca-
tions of the extracted feature points based on a location of the
omni-directional camera, and performing localization and
map building of the mobile robot using the calculated visual
odometry information and the second image as an input of an
extended Kalman filter.

The omni-directional camera may be installed in parallel to
a horizontal plane at a front surface of the mobile robot.

The calculating visual odometry information may include
extracting feature points from the first image, calculating
locations of the extracted feature points based on a current
location of the omni-directional camera, calculating a rota-
tion vector and a translation vector according to movement of
the omni-directional camera, and tracking locations of the
feature points by calculating locations of the extracted feature
points based on a moved location of the omni-directional
camera according to the calculated rotation vector and trans-
lation vector.

The extracting feature points from the first image may
include extracting new feature points from an area of the first
image excluding an area in which the location-tracked feature
points are present.

The preset reference may be a height of the omni-direc-
tional camera based on the ground.

The performing localization and map building of the
mobile robot may include extracting feature points from the
second image, predicting locations of the robot and the fea-
ture points using the calculated visual odometry information
as a traveling input, and updating the locations of the robot
and the feature points by updating the locations of the robot
and the feature points based on the second image.

In accordance with another aspect of an embodiment, a
mobile robot including an omni-directional camera includes
an image processor to divide an omni-directional image cap-
tured through the omni-directional camera into upper and
lower images according to a preset reference and generate a
first image, which is the lower image, and a second image,
which is the upper image, a visual odometry information
calculator to extract feature points from the first image and
track locations of the extracted feature points based on the
omni-directional camera, and a simultaneous location and
map building (SLAM) executor to perform localization and
map building of the mobile robot using visual odometry infor-
mation calculated by the visual odometry information calcu-
lator and the second image as an input of an extended Kalman
filter.

The omni-directional camera may be installed in parallel to
a horizontal plane at a front surface of the mobile robot.

The visual odometry calculator may extract feature points
from the first image generated from the image processor,
calculate locations of the extracted feature points based on a
current location of the omni-directional camera, calculate a
rotation vector and a translation vector according to move-
ment of the omni-directional camera, and tracks the locations
of the feature points by recalculating the locations of the
extracted feature points based on a moved location of the
omni-directional camera according to the calculated rotation
vector and translation vector.

The visual odometry information calculator may extract
new feature points from an area of the first image excluding an
area in which the location-tracked feature points are present.

The image processor may divide the captured omni-direc-
tional image according to the preset reference which is a
height of the omni-directional camera based on the ground.

The SLAM executor may extract feature points from the
second image, predict locations of the mobile robot and the
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feature points using the calculated visual odometry informa-
tion as a traveling input, and update the locations of the
mobile robot and the feature points by updating the locations
of'the robot and the feature points based on the second image.

BRIEF DESCRIPTION OF THE DRAWINGS

These and/or other aspects of embodiments will become
apparent and more readily appreciated from the following
description of the embodiments, taken in conjunction with the
accompanying drawings of which:

FIG. 1 is a diagram illustrating an outer appearance of a
mobile robot according to an embodiment;

FIG. 2 is a cross-sectional diagram of an omni-directional
camera installed in the moving robot shown in FIG. 1;

FIG. 3 is a control block diagram of a mobile robot accord-
ing to an embodiment;

FIG. 4 is flowchart illustrating a simultaneous localization
and map building method of a mobile robot according to
another embodiment;

FIG. 5 is a diagram illustrating an example of an omni-
directional image captured through an omni-directional cam-
era installed in the mobile robot of FIG. 1;

FIG. 6 is a diagram illustrating the concept of simultaneous
localization and map building of a mobile robot in FIG. 4;

FIG. 7 is a flowchart illustrating a method to calculate
visual odometry information in FIG. 4;

FIG. 8 is a diagram illustrating extraction of feature points;
and

FIG. 9 is a diagram illustrating location estimation of loca-
tions of feature points as a mobile robot moves.

DETAILED DESCRIPTION

Reference will now be made in detail to embodiments,
examples of which are illustrated in the accompanying draw-
ings, wherein like reference numerals refer to like elements
throughout.

FIG. 1 is a diagram illustrating an outer appearance of a
moving robot according to an embodiment, and FIG. 2 is a
cross-sectional diagram of an omni-directional camera
installed in the moving robot shown in FIG. 1.

Conventionally, localization and map building of a mobile
robot has been performed through images photographed by
an omni-directional camera installed at the upper side of the
mobile robot. The images photographed by the omni-direc-
tional camera include a wide range of information and there-
fore may be efficiently used for obstacle detection and avoid-
ance.

However, the wide range of information is likely to include
moving objects, thereby causing errors in localization and
map building performed by assuming a static environment.

Moreover, since a conventional mobile robot performs
localization and map building using odometry information of
robot wheels, if the wheels slip or spin out according to the
state of a bottom surface, incorrect odometry information
may be obtained and accurate localization of the mobile robot
may not be performed.

According to an embodiment to solve the above-mentioned
problems, an omni-directional camera 110 is installed at the
front surface of a mobile robot 100 to be parallel to a hori-
zontal plane as shown in FIG. 1.

The omni-directional camera 110 enables the mobile robot
100 to capture a bottom surface image and accurately esti-
mate a distance traveled by the mobile robot 100 using the
captured bottom surface image. Information as to the esti-
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mated traveling distance of the mobile robot 100 is visual
odometry information, which will be described in detail later.

Referring to FIG. 2, the omni-directional camera 110
includes an omni-directional lens 1104 and a Charge Coupled
Device (CCD) 1105. A curved mirror is installed at the front
surface of the omni-directional camera to obtain a 360° image
around the omni-directional camera. A point X,,,;,. in an arbi-
trary space is reflected from a point X, of a curved mirror
surface and is focused on the CCD device 1105, thereby
appeasing as a point X,,,,, on an image. Since the point X
distributed in every direction, the omni-directional camera
may obtain a 360° image.

FIG. 3 is a control block diagram of a mobile robot accord-
ing to an embodiment. The mobile robot includes an omni-
directional camera 110, a controller 120, and a memory 130.

The controller 120 controls the overall operation of the
mobile robot and includes an image processor 121, a visual
odometry information calculator 122, and a simultaneous
localization and map building (SLAM) executor 123.

The image processor 121 divides an omni-directional
image captured through the omni-directional camera 110 into
upper and lower images based on the height (h in FIG. 1) of
the omni-directional camera 110 stored in the memory 130.
The image processor 121 transmits a first image, which is the
divided lower image, to the visual odometry information
calculator 122 and transmits a second image, which is the
divided upper image, to the SLAM executor 123.

The visual odometry information calculator 122 calculates
odometry information using the first image received from the
image processor 121 and transmits the calculated odometry
information to the SLAM executor 123.

Meanwhile, the first image is a bottom image according to
a traveling path of the mobile robot 100. The visual odometry
information calculator 122 accurately calculates a traveling
distance of the mobile robot 100 using the first image.

The SLAM executor 123 performs simultaneous localiza-
tion and map building of the mobile robot 100 using the
second image received from the image processor 121 and the
calculated visual odometry information.

Specifically, the SLAM executor 123 extracts feature
points from the second image, predicts the locations of the
feature points and the mobile robot in real time, and updates
the location of the mobile robot based on the second image.
Such simultaneous localization and map building of the
mobile robot 100 is implemented based on an Extended Kal-
man Filter (EKF).

Meanwhile, the omni-directional camera 110 captures a
360° image. The omni-directional image includes back-
ground, and objects, such as things or people, which have
different brightness from the background. Since an edge
between an object and background is darker than surrounding
areas, it serves as a landmark recognized well by the mobile
robot 100. Accordingly, such an edge is referred to as a feature
point in the present embodiments.

FIG. 4 is a flowchart illustrating a simultaneous localiza-
tion and map building method of a mobile robot according to
another embodiment.

If a mobile robot is placed at any location in space, the
omni-directional camera 110 of the mobile robot photographs
an omni-directional image in step 210. The omni-directional
camera 110 periodically captures an omni-directional image
while simultaneous localization and map building is per-
formed and provides the captured image to the image proces-
sor 121.

The image processor 121 divides the obtained omni-direc-
tional image based on a preset reference in step 220.

mir 15
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Specifically, the image processor 121 divides the omni-
directional image based on the height (h in FIG. 1) of the
omni-directional camera 110 from the ground. The image
processor 121 generates a first image, which is obtained by
photographing a bottom surface as a lower image, and a
second image as an upper image.

FIG. 5 is a diagram illustrating an example of an omni-
directional image captured through an omni-directional cam-
era installed in the mobile robot of FIG. 1. As shown, a first
image S1, which is a lower image, and a second image S2,
which is an upper image, are generated by the image proces-
sor based on a preset reference 1.

Referring back to FIG. 4, if the omni-directional image is
divided in step 220, the image processor 121 provides the first
image to the visual odometry information calculator 122. The
visual odometry information calculator 122 extracts feature
points from the bottom image ofthe first image and calculates
visual odometry information to track the feature points in step
230.

The visual odometry information may prevent the mobile
robot from failing to perform localization due to a difference
between an actual traveling distance and a traveling distance
of the mobile robot when wheels of the mobile robot slip or
spin out.

Meanwhile, a method to calculate the visual odometry
information will be described later with reference to FIG. 7.

If the visual odometry information is calculated in step
230, the SLAM executor 123 simultaneously performs local-
ization and map building of the mobile robot using the second
image generated from the SLAM executor 123 and the visual
odometry information in step 240.

The concept of the simultaneous localization and map
building of the mobile robot performed by the SLAM execu-
tor 123 is described in conjunction with FIG. 6.

Referring to FIG. 6, a location value Z,_, of a landmark 2
measured at a location X,_; by a mobile robot 1 has a mea-
surement error. When the mobile robot 1 travels to a location
X, a measurement value Z, of the landmark 2 at the location
X, also has an error by a traveling input U,. These errors may
accumulate to the point that the location of the mobile robot 1
and the location of the landmark 2 may not be accurately
measured. Simultaneous localization and map building pro-
posed to prevent this phenomenon is a simultaneous update
technique using a probabilistic approach to the location (co-
ordinates) of the mobile robot 1 and the location of the land-
mark 2 when information as to a surrounding environment is
not known.

The most widely used probabilistic approach is an
Extended Kalman Filter (EKF). In the present embodiments,
the simultaneous localization and map building based on
EKF are performed.

The SLAM executor 123 predicts the location of the
mobile robot using a traveling input of the mobile robot and
updates the locations of the mobile robot and landmarks using
sensor measurement values (e.g. a measurement value of an
ultrasonic sensor or a laser sensor, an image of a camera, etc.).

Specifically, the SLAM executor 123 extracts feature
points from the second image transmitted by the image pro-
cessor 121 and calculate a location of the mobile robot and
angles formed by the location of the mobile robot and the
feature points in order to determine where the feature points
are located in space. Ifthe location of the mobile robot and the
angles formed by the mobile robot and the feature points are
calculated, the SLAM executor 123 calculates 3-dimensional
coordinates (X, Y, Z) of the feature points in space.
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If the coordinates of the feature points are calculated, the
SLAM executor 123 constructs a state vector X and applies
the state vector X to a system function of EKF.

x [Equation 1]

Equation 1 indicates the state vector X applied to the sys-
tem function of the EKF and is constructed by a location (x,y)
of a mobile robot, angles & between the mobile robot and
feature points, and coordinates (X,,Y,,Z,) of the feature points
in space.

The system function of the EKF is indicated in the follow-
ing Equation 2.

X=X 1, UgtQ,)

The system function is used to perform motion predication
to predict the locations of the mobile robot and feature points
at t=k in a state vector X,_,, at t=k-1 by using visual odom-
etry information U, as traveling input. Meanwhile, an error
covariance Q, is considered because the traveling input of the
mobile robot or measurement values of the locations of the
mobile robot and feature points have errors.

If the location of the mobile robot is estimated, the SLAM
executor 123 updates the location of the mobile robot using a
measurement system function indicated by Equation 3 based
on the captured second image.

[Equation 2]

Z=h-(Xg)+ Qs [Equation 3]

The measurement system function is constructed by a Z
vector obtained by using a predicted state vector X, an error
covariance Qg considering an error of a sensor measurement
value, and feature points of the second image. Thus, the
location of the mobile robot and the locations (map) of feature
points are updated.

FIG. 7 is a flowchart illustrating a method to calculate
visual odometry information in FIG. 4, FIG. 8 is a diagram
illustrating extraction of feature points, and FIG. 9 is a dia-
gram illustrating location estimation of feature points as a
mobile robot moves.

Referring to FIG. 7, the visual odometry calculator 122
repeats a process to extract feature points, calculate a motion
transform vector of an omni-directional camera, and track
locations of the feature points according to the movement of
the omni-directional camera.

Specifically, the visual odometry calculator 122 periodi-
cally extracts feature points from a first image which is a
bottom surface image in step 310. Meanwhile, new feature
points are extracted from an area (an upper area of dotted
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lines) excluding an area (a lower area of dotted lines) in which
the location-tracked feature points are present as shown in
FIG. 8.

If the feature points are extracted in step 310, the visual
odometry calculator 122 calculates 3-dimensional location
coordinates (X,Y,Z) of the feature points extracted from a
current location of the omni-directional camera in step 320.

The visual odometry calculator 122 calculates a rotation
vector and a translation vector according to variation in a
location of the omni-directional camera as the mobile robot
moves in step 330. Step 330 involves calculating a transform
vector between a location of the omni-directional camera at t,
and a location of the omni-directional camera at t,,,. The
transform vector may be calculated using an optimization
scheme of a Singular Value Decomposition (SVD) or a least
square method.

Referring to FIG. 9, if a transform vector (T) constructed
by arotation vector and a translation vector is calculated, the
visual odometry calculator 122 predicts 3-dimensional loca-
tion coordinates of feature points X, X,, X5 . . . based on a
moved location of the omni-directional camera (location of
the omni-directional camera at t,,) in step 340. Thus, loca-
tions of the feature points x,, X,, X5 . . . may be tracked.

A method to predict the 3-dimensional location coordi-
nates of feature points based on the moved omni-directional
camera is indicated by Equation 4.

(el }xi:{’k"”T{tk}*{’k}xi [Equation 4]

where #*+13X_ denotes an estimated location of a feature
?oint att,,,, BT () denotes transform vector [RIT], and
#¥x, denotes a location of a feature point at t,.

As is apparent from the above description, since the odom-
etry information is calculated using a bottom surface photo-
graphed according to a traveling path of a mobile robot,
accurate odometry information may be provided irrespective
of'the state of the bottom surface and thus the performance of
simultaneous localization and map building may be
improved.

The embodiments can be implemented in computing hard-
ware and/or software, such as (in a non-limiting example) any
computer that can store, retrieve, process and/or output data
and/or communicate with other computers. For example, a
computer processor can be used to perform various calcula-
tions described herein. A program/software implementing the
embodiments may be recorded on non-transitory computer-
readable media comprising computer-readable recording
media. Examples of the computer-readable recording media
include a magnetic recording apparatus, an optical disk, a
magneto-optical disk, and/or a semiconductor memory (for
example, RAM, ROM, etc.). Examples of the magnetic
recording apparatus include a hard disk device (HDD), a
flexible disk (FD), and a magnetic tape (MT). Examples of the
optical disk include a DVD (Digital Versatile Disc), a DVD-
RAM, a CD-ROM (Compact Disc-Read Only Memory), and
a CD-R (Recordable)/RW.

Further, according to an aspect of the embodiments, com-
binations of the described features, functions and/or opera-
tions can be provided.

Although a few embodiments have been shown and
described, it would be appreciated by those skilled in the art
that changes may be made in these embodiments without
departing from the principles and spirit of the invention, the
scope of which is defined in the claims and their equivalents.

What is claimed is:

1. A simultaneous localization and map building method of
a mobile robot including an omni-directional camera, com-
prising:
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acquiring an omni-directional image from the omni-direc-
tional camera;

dividing the acquired omni-directional image according to
a preset reference to generate a lower image and an
upper image;

extracting feature points from the lower image and calcu-
lating visual odometry information to track locations of
the extracted feature points based on a location of the
omni-directional camera, the location of the omni-direc-
tional camera determined based on rotational and trans-
lational vectors derived from only the lower image; and

performing localization and map building of the mobile
robot using the calculated visual odometry information
and the upper image as an input of an extended Kalman
filter,

wherein at least one of said dividing, said extracting, said
calculating and said performing are performed by a
computer.

2. The simultaneous localization and map building method
of claim 1, wherein the omni-directional camera is installed in
parallel to a horizontal plane at a front surface of the mobile
robot.

3. The simultaneous localization and map building method
of claim 1, wherein said calculating visual odometry infor-
mation includes:

calculating locations of the extracted feature points based
on a current location of the omni-directional camera;

calculating a rotation vector and a translation vector
according to movement of the omni-directional camera;
and

tracking locations of the extracted feature points by calcu-
lating locations of the extracted feature points based on
a moved location of the omni-directional camera
according to the calculated rotation vector and transla-
tion vector.

4. The simultaneous localization and map building method
of claim 3, wherein said extracting feature points from the
lower image includes extracting new feature points from an
area of the lower image excluding an area in which the loca-
tion-tracked feature points are present.

5. The simultaneous localization and map building method
of claim 1, wherein the preset reference is a height of the
omni-directional camera based on the ground.

6. The simultaneous localization and map building method
of claim 1, wherein said performing localization and map
building of the mobile robot includes:

extracting feature points from the upper image;

predicting locations of the robot and the extracted feature
points of the upper image using the calculated visual
odometry information as a traveling input; and

updating the locations of the robot and the extracted feature
points of the upper image by updating the locations of
the robot and the extracted feature points of the upper
image based on the upper image.

7. A mobile robot including an omni-directional camera,

comprising:

an image processor to divide an omni-directional image
captured through the omni-directional camera accord-
ing to a preset reference to generate a lower image and an
upper image;

a visual odometry information calculator to extract feature
points from the lower image and track locations of the
extracted feature points based on a location of the omni-
directional camera, the location of the omni-directional
camera determined based on rotational and translational
vectors derived from only the lower image; and
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a simultaneous location and map building (SLAM) execu-
tor to perform localization and map building of the
mobile robot using visual odometry information calcu-
lated by the visual odometry information calculator and
the upper image as an input of an extended Kalman filter.

8. The mobile robot of claim 7, wherein the omni-direc-
tional camera is installed in parallel to a horizontal plane at a
front surface of the mobile robot.

9. The mobile robot of claim 7, wherein the visual odom-
etry information calculator:

calculates locations of the extracted feature points based on
a current location of the omni-directional camera;

calculates a rotation vector and a translation vector accord-
ing to movement of the omni-directional camera; and

tracking the locations of the extracted feature points by
recalculating the locations of the extracted feature points
based on a moved location of the omni-directional cam-
era according to the calculated rotation vector and trans-
lation vector.

10. The mobile robot of claim 9, wherein the visual odom-
etry information calculator extracts new feature points from
an area of the lower image excluding an area in which the
location-tracked feature points are present.

11. The mobile robot of claim 7, wherein the image pro-
cessor divides the captured omni-directional image according
to the preset reference which is a height of the omni-direc-
tional camera based on the ground.

12. The mobile robot of claim 7, wherein the SLAM execu-
tor:

extracts feature points from the upper image;

predicts locations of the mobile robot and the extracted
feature points of the upper image using the calculated
visual odometry information as a traveling input; and
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updates the locations of the mobile robot and the extracted
feature points of the upper image by updating the loca-
tions of the robot and the extracted feature points of the
upper image based on the second image.

13. A method comprising:

dividing, by a computer, an omni-directional image
acquired from an omni-directional camera of a mobile
robot according to a preset reference to generate a lower
image and an upper image;

calculating, by a computer, visual odometry information to
track locations of feature points extracted from the lower
image based on a location of the omni-directional cam-
era, the location of the omni-directional camera deter-
mined based on rotational and translational vectors
derived from only the lower image; and

performing, by a computer, localization and map building
of the mobile robot via an extended Kalman filter using
the calculated visual odometry information and the
upper image.

14. The method of claim 13, wherein said performing

localization and map building of the mobile robot includes:

extracting feature points from the upper image;

predicting locations of the mobile robot and the extracted
feature points of the upper image using the calculated
visual odometry information as a traveling input; and

updating the locations of the robot and the extracted feature
points of the upper image by updating the locations of
the robot and the extracted feature points of the upper
image based on the upper image.
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